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BIC(Bayesian Information Criterion)
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AIC(Akaike Information Criterion 1973)
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Akaike, H., "Information theory and an extension
of the maximum likelithood

principle", Proceedings of the 2nd International
Symposium on Information Theory, Petrov, B. N.,

and Caski, F. (eds.), Akadimiai Kiado, Budapest:
267-281 (1973).
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= Type | errorMDFHEER

10 o0 100 (500 |[1000 |5000
i 0.260 0.0/ 0.02 0.0 0.0 0.0
g 0.16f 0.0 0.0 0.03 0.08 0.0/
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“ 0.14 0.11] 0.08 0.0/ 0.05 0.03
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