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000000 Rememberd OO

- The task must be a direct implementation of an explicitly described procedure.
- Use at most ONE control structure (‘for‘/‘while‘/‘if‘) in the entire solution:

either a single loop (‘for‘/‘while‘), OR a single ‘if‘ (no nesting).



- If a loop (‘for¢/‘while‘) is used, do not use ‘if‘ anywhere in the correct
answer code. If an ‘if‘ is used, do not use any loop.
- Do not require algorithmic design or multi-step reasoning. Any necessary

rule/formula must be explicitly stated in the question text.

m 000000 Understand O OO

- The main difficulty must be interpreting the statement and translating it
into a clear answer form (equation/conditions/procedure).
- Allowed standard techniques/data structures (use at most ONE of them as the
main idea; do not require strategy selection by tight constraints): sorting,
set/dict for duplicate check or frequency counting, two-pointers/sliding window,
straightforward BFS/DFS, template-form simple DP/greedy, light bitmask
enumeration, binary search (monotonicity is explicit; no need to discover it),
Dijkstra using heapq.
- Allowed reformulation of the question text (at most ONE):

(1) After sorting, solve by a simple one-pass/adjacent-check.

(2) Turn the task into duplicate/frequency counting.

(3) Reduce to checking a condition for an integer T where, as T increases
(or decreases), the answer changes only in ONE direction (from Yes to No, or
from No to Yes), and this one-direction change is explicitly stated or

immediately clear from the statement.

m 000000 Apply0 OO

- The task must require algorithmic design based on constraints/efficiency;
it must NOT be solvable by direct translation alone.
- The constraints must rule out at least one naive approach, forcing an
efficiency-based design choice (e.g., switching from brute force to DP/
binary search/graph methods) .
- Require at least ONE reasoning-driven core idea:

(1) Find the minimum/maximum feasible integer T using a Yes/No feasibility

check; feasibility changes only in ONE direction as T increases (or decreases),



and this one-direction property is not explicitly given and must be identified
and used in the search.

(2) Use an operation-invariant property/value to decide the answer.

(3) Construct and output a valid object/sequence by a designed procedure.

(4) Solve an optimization problem with a greedy choice justified by an
exchange/swap idea: replacing part of any solution with the greedy choice does
not worsen feasibility/optimality (no written proof required).

(6) Use DP that requires designing the state and transitions; do not use a
pre-given DP formula.
- Allowed standard techniques/data structures: sorting, set/dict for duplicate
check or frequency counting, two-pointers/sliding window, BFS/DFS, DP/greedy,
bitmask enumeration, threshold search (binary search) with a Yes/No feasibility
check (monotonicity not explicit), Dijkstra using heapq.
- It is allowed (and encouraged) to combine up to TWO of the allowed standard

techniques/data structures.

00000b000b00b0bO00OD0bD 100b0o0b000b0bO0o0b0Db00o0D 2000000
X0o00oo, LIM P, 0 X0OODOODOO 1)0. 000, 0000000000000000
ooobooodon fﬂ 00000000 Y*OOOODDODOOOOOD [8)00 1(20.

~

Y = argmaxPp(Y | X)
Y

Y ~ Po(Y | X)

33 0000000ooobooo
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O0.00000,00000000000000000D000000mean poolingd0O00O0O0O
oOoo0O0ooO0o0oOo0O,L2000000,0000000000OO0. OO0,000000ODOOOOO
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g'(x) = softmax(W'z)

E
i) =) gi(@) f.(a),
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0000000000000,
00,0000000000000000000000000000 f(2)0,M00000
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0000000000,m000000000 H!, 0,00000 ReLUODOOOODOOOO
00o0o00o00o0o00.
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0o.
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00000,MMoEODOD s 00000000000000000000000,00000
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0000000CEDOOOOOOOOOOOD,00000000

Laivior = A - MSE(d, d) + (1 — ) - CE(L, p) (1)
000,d000000,d000000,!/000000,0000000000.A00000
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0o0o0o0o0ooooOoooooooooooooo 10,00b0000000000 2000.
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p=1000,00000000000000 1,0000Db00000DO00ODObOOODO 20 LLM
oobobooooboobooboo.0bobo 30bobobboo40,000b00ob0OoDOoDO
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e 10000 RememberD -0.300.000.1000
e 10000 Understandd -0.101.000.1000
e 10IODO Apply: 0.501.000.1000

ggooooooobbbbbooo,goobooobobbbobbooooag.
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oooOg ooooo poorooooo
0000000000 | D0000oO0oooo
UI-0p-T, 45 UI-0p-T, 45

oooooooooobobobooboboobobbDb e

200 120°0 920°0 200 1660 €920 €820 0£1'0 2920 | 282°0 192°0 0ooo
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0000 |€0000|¢0000|10000| 0000000000 |0000000000 |0000000| 000000 = 0 | oooooo
000z 00000 | 0OOO0T00000 | MWOFIdD | gl prepes | Odd | IdS | j0Us-807
gooooooooo gooooooooo
Iw-0p-1,45 w-0p-T.d45)

ggboboboooobooboooooooboooooboooooobo v o
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0400, Few-shot 100000, SFT O, DPO O, GPT-40-mini0 000000, GPT-4o-
mini0 0000000000000 10000000000000, GPT-4o-mini0 00000
000000000 200000000000000, SarkarD [17]000000000000
00 10400000,0000000000000000000000000000000. O
00,000000000000000000000 LLMOOOO0O0OO0000000,0000
0000000000000000000 LLMOOOOO0O00000000.

00,0400, Sarkar 0000000000000 O00 1040,00000000000
00000000. 000, Sarkar0 [17]000000000000000000000000
0000,0000104000000000000000 30000000,000000000
00000000000000000000000000000. 000,0000 104000
000000,0000000000000000000

000,0000104000000,0000000000000000000,000000
000000000000000000000000000000. 00,0500,00004
000000000000000000000000 103, GPT-4ominid 000000000
00000 10000000000000, GPT-4omini000000000000000 20
0000000000000000000000000000000000000.

0000,000000000000000000000,0000000000000000
000000,000000000000000000000000000000000. 000
0000,0000000000000000200,0000000000000000000
0000000000,000000,0000000,000000000000000000
000000000000000. 00000,LLMOO0OO0000, 000000000000
0000000000000000,00000000000000000000000000
000,0000400,00000000000000000000,00000 7hleom(x) O
000000000000000000000000. 0000,00000000000000
00000000000000000000000000. 000,0000 40000000
rag(x) 0000000000000,00000000000000000,00000000
000000000000000000. 0000,00000000000000,00000
00000000000000000LLMOOOO0O0OO0O0O00000.

44 000O00O0OOODODOOOO

oooO0,00004000000000000D0OOOODOODODOOOOODODOO.
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m 000000 RememberOOO0O OO0,00000 Remember,00000-0.300000
goooogo.

*xQuestion Text:*x*
Implement a function to check if a given number is even. The function
should take an integer as input and return a boolean value indicating

whether the number is even.

**Correct Code:*x
‘¢ ‘python
def is_even(n):

return n % 2 ==

0000000000000 O0O00O0O0On %2==00000000000000O00OO
g, dguoboboooguoooooooob. ogobbo,bboouobbobooobbobooooon
Remember 000000000 OO.

m 000000 Understand 0000 OO0O0,00000 Understand, 00000 040000
gobooooon.

**Question Text:**

Given an array of integers, implement a function that determines whether
there exists a pair of elements in the array that adds up to a given
target sum. The function should return True if such a pair exists, and

False otherwise.

**xCorrect Code:**

¢ ¢ ‘python

def has_pair_sum(nums, target):
seen = set()
for num in nums:

complement = target - num

21



if complement in seen:
return True
seen.add (num)

return False

obooobog,0b0bo0bo0bOg,dbD target UODDOODOOODO0ODOODODODO set
gogobboooooboobobooogobobobo.oobbobo, bbb bboooouboD
g, ggogooobbododooooboobboodoooooL,oobbobboooooooobooo
00000000000, Understand DOO0OD0OOOODOOO.

m 000000 Apply0000 O000,00000 Apply, 00000 1.0000000000
oooQ.

**Question Text:**

Design an algorithm to find the minimum and maximum feasible integer T for a
given set of integers {al, a2,..., an} such that for every pair of distinct
elements ai and aj, the absolute difference |ai - ajl| is greater than or
equal to T. The constraint is that T should be minimized while ensuring the

feasibility of the given set.

**Correct Code:**

¢ ¢ ‘python

def min_max_feasible_T(nums) :
nums. sort ()

float(’inf’)

float(’-inf’)

min_T

max_T

for i in range(1l, len(nums)):
if nums[i] - nums[i-1] < min_T:
min_T = nums[i] - nums[i-1]
if nums([i] - nums[i-1] > max_T:

max_T = nums[i] - nums[i-1]
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return min_T, max_T

nums = [1, 2, 3, 4, 5]
min_T, max_T = min_max_feasible_T(nums)
print("Minimum feasible T:", min_T)

print ("Maximum feasible T:", max_T)

[SNAN1

0000000,0000000000e;—a;|>T0,00000000000000000
ggooogog,bbbbobbbbo,00gooogooooobobbbb. ooog,bbbbo
oo oog,bopoobobooboboboobobbobooboboboooboo,
Understand 00 0000000000000 0000OOODO. 0O000O0O,0000 40 Apply
goooooobobobobbobobbbbooddddooooobooobooobo. boo,
0000000000000 0000000000000000, Apply 00OO0OD0OOOOODO
gobobooooboboooon.

45 00000000 OOOOOO

ggouoobobbbooooooooooobooooooooobobobo,0ooboboboboon
goobbooooboboooobobooon.
() 0000000000000 0000D00 PerplexityD PPLO[8, 27,28 0000, PPLODO
gooooooooooo.
(i) 000000000000 Dast.parse 000000000000 DO0ODOOOOO.
i) 0000000000 0OPython 0000000000, 0000000D00D00DO0ODOO.
(v) 0000000000000 ULLMOOO0OO0O0O0O0O0O0,000000000000000
goboboooooboooooo.
0000000, 000 ()0(v)0000000O00D0OUDO0OO0OOOOOoOOoOO.

46 O0O0OOODODDOOODOOO

0000,0000400000000000000, (1)) 0000000 ()UDDOODDOODOOO
uoooboooooooo. bbb, bbb booooboboooobooboag.
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461 0O0O0OO

go0o0o0obo0o0o 4000000000DO0O0O0D. 00D 400000000D0DOOO
0030000000, 0000oooooooooooobooD. booo,300000
00000000000 0o000. 000000000, ) DoD0O0D0DU0OoOOOOoUO#00
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O00. 000000, O0000Remember/Understand/Apply0 0000000000000
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000000000000000000000UOU00O00 30joUOUODO,0000D000,00
0000000000000 0000000o0oUoo0ooDoooUooOO [29]. SonarSource O
0000,00000000000000000000 [29].
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ggboobbooobbboooobbboooobobooa.

2.00000000D0OO0bDOoOoboOooOoD.
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Level 10 O00OODOOOOOOODOODOODOODODODODODOODOOO,000000O
Oo0oooooooood

Level 20 OOOD 10000D i, 000,000000000000CCOOODOOOO
O0,00000000000000

Level 30 O000O0O0O0OOCO0ODOOOOOOODOOODOOOODOOODOO,00O0000O
O0000OoO00oDooOoooooooooog

Level 40 0000000000000 OODODO, two-pointers, greedy, prefix sums [0 [
O0,0000000000000000O0oogg

Level 50 OO 0OO0OODOOOOCODOODOO, DP, 00OD0O0O0O, feasibility check 00 OO
godooboooooobooouoooog

obO,00booboboobobooboobooboobooboo,0bboobooboou1boOob
oobo200000000b00.Ob0bo0o,00obobobooooboboooooDo.

You are a strict evaluator for Python programming problems.

Return JSON only:

{
"difficulty_level": 112131415,
"confidence": 0.0-1.0,

"reason": "short (<= 25 words)"

Judge difficulty based on BOTH the problem statement and the reference solution code.
Do NOT decide difficulty from code length alone. Short code can still be difficult.
Pay attention to the required reasoning, the need for algorithm selection, the role

of constraints, and the amount of case handling.

Choose ONE difficulty level using these criteria:

Level 1 (Very Easy):
- Solvable by direct application of one basic rule, syntax, or formula.

- Almost no case analysis, no meaningful algorithm choice.
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- Typically direct print / arithmetic / one obvious check.

Level 2 (Easy):
- Solvable by one straightforward basic construct or one simple procedure.
- Minimal decomposition; little risk of mistakes.

- No nontrivial algorithm selection is required.

Level 3 (Moderate):

- Requires interpreting the statement and translating it into multiple
straightforward steps.

- May use a standard data structure or a typical pattern, but the method is still
direct.

- Some case handling is needed, but constraints do not force a difficult algorithmic

choice.

Level 4 (Hard):

- Requires a clear technique beyond direct translation.

- Constraints or problem structure require careful method selection, nontrivial case
handling, or structured reasoning.

- Typical examples include sorting + scan, two-pointers, greedy pattern, prefix sums,

or structured simulation with pitfalls.

Level 5 (Very Hard):

- Requires advanced algorithmic design or heavy reasoning.

- Constraints strongly rule out naive approaches.

- Typical examples include DP, graph algorithms, binary search on answer with

feasibility check, or other advanced methods.

Rules:
- Use the statement and the code together.
- Consider constraints if they affect method choice.

- If the code uses an advanced method but the statement does not really require it,
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do not overrate difficulty.

- If uncertain between two adjacent levels, choose the higher one with lower

confidence.

00,00000000000,00000000000Remember/Understand/Applyd0d O
O00. 00000000, 0000ddoooooooooooo 30000004 JSONDO
googoo. booouooooooo, oo oooooo

e Rememberl] 0000000000 APIODOOOOOOOOOOOOO,000000
00000O0for/while/if0 00000 1000000

e Understand] 00D O0DODOO0ODOO,000000000D000ODOOODOOODOOODO.
ugoboboooobbbouooo, bbb bboooobboooobo

e ApplyD DD ODUIDDOOODODOODDOD,000DDO0ODOOOODODOOOODODOOO
goobog

gbobobo,oboobooboboboobooboan.
You are a strict evaluator for Python programming problems.

Task:

Return ONLY the cognitive target in Bloom’s taxonomy (Remember/Understand/Apply).
Do NOT output any difficulty number or words like easy/hard.

Return JSON only:
{

"cognitive_target": "Remember"|"Understand"|"Apply",
"confidence": 0.0-1.0,

"reason": "short (<= 25 words)"

Judge based on BOTH the problem statement and the reference solution code.

Definitions:

- Remember:
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Solvable by recalling and directly applying basic syntax, operators, or simple
APIs.

The reference solution should use at most ONE control structure among

for / while / if, with no nesting.

No multi-step solution design or algorithm choice based on constraints is required.

Understand:

Solvable by correctly interpreting the specification and organizing the required
steps/conditions.

The method may use a standard or typical technique, but constraints do NOT force a

nontrivial algorithm choice.

Apply:
A naive direct solution is not sufficient because constraints or efficiency matter.
Solving requires an algorithmic idea, method selection, or nontrivial solution

design.

Rules:

Use the statement and the code together.
Focus on what is required to solve the problem, not only on superficial code length.
If a standard technique is used in a direct and typical way, prefer Understand.

Choose Apply only when constraints or efficiency genuinely require algorithm

selection or solution design.

If uncertain between adjacent labels, choose the lower label with lower confidence.

060 GPT-4o-mini 0 APIDDOO00OOOOODOOOOODODOO. O600,000000

000 GPT-4o-mini0 APIDDDOODODODOOOOODOO. 00000, Remember OO0
0000000000000 000 100000, Understand O0O000O0O 203 00, Apply
000000 30400000000, D000, GPT4o-mini 0 APIO, 00000000
00000, Remember, Understand, Apply 0 0000000000000 O0OOOOO. OO,
Understand OO0 Apply 000000000, 0000000D000D0O0OODOOODOODOOO
doddoodooooooooo, oo oobooobooooooooon. ™
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4
—e— Apply
1
IR Understand
g —e— Remember
= 3
<
£
o 2
5
|_
(al
@)
1 +——e—eo—eo—e

_0.25 000 025 050 075 1.00
EEHFE

0 6: GPT-4o-mini 0 APID0O0O0O0O0OO0O0OOOOOOO

07 GPT-4o-mini0 APIDO00OOOO0OOOOODOOOODO

000000 GPT-4o-mini 00 OO0 | Remember | Understand | Apply
Remember 0.67 0.33 0.00
Understand 0.00 0.28 0.72
Apply 0.00 0.00 1.00

O00,GPT-4o-mini0 APIDOOODOOOO00OO, 0000000000 ODOOO0OO0O0O0O
doooobooooooooooon.

070 GPT-4o-miniJ APIOOOD0DODODOOODOOOODOD,00D00OD0O0OD00OO0O
O. O0700,000000 Remember 0000 67% O Remember, 33% 0O Understand O [
O00000, Remember 0000000000000 O0OODOOOOO, 000 Understand O
O000000. 00,000000 Understand D000 28% O Understand, 72% O Apply
00000000, GPT-40-mini 0 API 0O Understand OO0 00000 Apply DODODOODO
0000000. 000,000000 Apply 0000000000 Apply00DO0O0OOO,
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Apply 00000000 Apply 00D OOO0OO. ODO00O0O, GPT-4o-mini 0 API O Apply
O000000000 Apply DDOOOO0OO, Remember 000 Understand OO OO0 OO
ggoduob, bbb uouuoobobobbbbbobooooa.

474 0000O0ODOO GPT-4o-minid APIODOOCOOOCOO

gogoooobobbbooooooooobobbboooooo,ooooooooobbobon
GPT-4o-mini 0 APIODOOOO0DOOOO Pearson D00 O0OO0O0O0O. O0,0000000
0,00000000000 GPT-4o-mini 0 APIDDOOOOOOOOOOOOODOOOOODO
gooo.

O O0D00ooboooooon

googog GPT-4o-mini 0 APIDOOOO OO0O0ODOOOO
Remember — 0.855
Understand 0.686 0.748
Apply -0.338 -0.036
All 0.800 0.794

080000000000 D0O0OD. 00,000000 Remember 0000, GPT-40-mini
OAPIDOOO0O0ODO0O0ODOODOOOOODOO, Pearson 0000000 OO0OOOO. O
O,0000000000000000D0D0000, Remember 0000000000 O0O0OO
0000000000000 000. 000000 Understand OOD0O0O, 0000000000
0000 GPT-4o-mini 0 APIDO0OOOOO0OO0OOO,0000000000O0DO0OO0O
O000. 00,000000 Apply 000000000000 ODOODOO,000000000
OO0 0000, GPT-4o-mini 0 APIDOO0OO0O0OO0O0OO0DO0O0OODOO0OOODOOOOOO
O0.00,000000000000AllI000, GPT-40-mini 0 APIDO0OOO0OOO0OOOO
gododooooooooooogo. oo, oo oooooooon
goooooboooooooooooob. bbb oo,0b0o0bb b0 oooooboon
GPT-4o-mini 0 APIOOC 000000000 OO0OOODOO,0000000000O0000OO0
oo, 0o ooooooooooooon
gooooood.

O0o0oobooOo0oOoo,060000 7000000, 00000D0O0O0000O0DDOAO
0 Remember O 0O OO0 Remember, Understand 00 00 92% O Understand, Apply O
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000 72% 0 Apply DO0O0OO0OCO,00000C00000OCO0OOOOOCOOOO. OO,
GPT-40-mini 0 APIDJUO0O0O0OO, 000000 Remember OO OO 67% O Remember,
000000 Understand 0000 28% O Understand, 000000 Apply 00O O0OO0OO
Apply 00 000000. 0000, GPT4omini 0 APIT Apply 000000000000
0000 Apply D0ODODODODODO, Remember 00000000000 Remember 00000
000000, 0000000000000000000D0000. 000, Remember OO0
Understand 000000000, 000000000O0DOO0O00O0OCOOCOOOOOOOO. OO,
Understand 000000000 Apply 00000000000, GPT-40-mini 0 APIO OO
doodoooooooooooooooooooooooo. ooo,ggoogoooooo,
GPT-4o-mini 0 APIDOCODOO0DOODOODOO,0000000000D000O00DO00O0OO
goooooooooooon.
dodo,doddoobooooooooooooo, oo oooooooooo
oo oooooouo. oo, ggodoouoooooon
O0000d00odoodoodoodoodooooodood. ooo0, GPT-4o-mini O API
gooooodoooo, oo oooooooooooouooooooo. oo, on
O00000 Apply DOODODODODOOOO Apply DODOODODO, 0000000000
googoboooouooooon. good,bgougoog, bdgouoooooon
O0,GPT-4o-mini0 APIODOO0O0OO0OO0DOO0OOOOODOOOOOO.

5 0o

ggooobo,0oboobobboddooooooo,bbobbbd0oouoboboobobooooon
gooooooooogoooooooooooOooO. oooooo,LLMOCcOOoOoooOgo
0000000000000 0D00oDO MMoEDOODO,00000D0000D00DODODOO
ugogoooboobooboobobooododd. oo, oo oboobooboboo,bboo
dddddoooooooobooooboobobobobobobobobobobboboboboboboboboobbobn
gobo,b0booo0bbboooobobboooboboooa.

goobood,obbooobobbodoobLbboooobbuooobbbooobLbboOon
g, dobobogoooobuoogd, bbb ooboooobobooobobobooooobooo,
vdddoodoooooooboooobbobobobobbbbbbbbobobbobbbbobobbbb
o, gjgoobobboddodoonbobbboodgo, bbb ULbLLD
goooog.
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oo, 0doodoobonoooooooooo, oo oooooooon
00000000000, 000, 000000 Remember, Understand, Apply 000000
O00,00000000000D0000D000. DOODDOODODOODOO0O, Remember 00O
00000000, Understand, Apply 00 0000000000000 ODOOOOOOOOO
goo. oooogoobo,0gbboogoobooooboooooboooooooo,oon
ggooooooobbbbbouoooooooooboooboboboboooooo.

O00,00000000000 GPT-4o-mini0 APIDODOODOOOO, 000000000
O000000oo00ooooooooooooooooon. oooo, GPT-4o-mini O APIO
ggooooooooooooobbbbbodddddggoooooooo,boon
I I A A A e A A
GPT-40-mini 0 API 0O Understand 00000000 Apply 00O O0ODOO0OO0OOOODOO,
ggooobbooooooooooobboboooogooooo. oobboo,0o0oooon
O000000oo0ooooooOo,0000oo0oooo0ooogd, GPT-4o-mini 0 APIODO
goooooooooobobooooooooogooooon.

OO0DO0oooo, MMoE O Codeforces 01000 D0O0DOO0ODOOO, 0000000000,
ggooooooooooobobob, oo oboboboobooboboboon
gdoooooooood.
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HEN

gogoobobodoooo,gobbbuooooobbbbob bbb UobbDb. OO
ugoboobooooooob. oo, gobobbbooooobbobbooooobLbbooooubo
gogobobooooo. oo, ggoboboboooooboboboooooboobbooooooo
goo.
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